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Forecasting Tool Solution Case Study  
 
Customer Profile  
 
General Mills is a leading supplier of processed food in the United States. One of their 
high profile products is their Frozen Biscuit product. 
 
Business Problems: Develop accurate forecasts and incorporate significant marketing 
variables (price, TV ads etc.) into a working model that would allow marketing and 
logistics to more effectively allocate resources.  
 
Additionally, it was desired to detect “Peculiar data”. Data is peculiar if it represents a 
peculiar case described by a relatively small number of objects and is very different from 
other objects in the data set. 
 
By identifying the “Peculiar Data” one can then research and discover the source of the 
peculiarity. Step 1 is the identification of these data points. 
 
We begin by examining the 134 week sales history from week 27 in 2002. 
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Actual data was available for 10 series. This is a snapshot of the first 23 weeks. 
 
 

 
 
General Mills marketers drive sales through their retail outlets by aggressive pricing and 
through a number of marketing initiatives including TV campaigns and other sales 
motivational programs. Sales of this product are quite seasonal and are impacted by a 
number of causal variables. General Mills desired to measure the historical impact on 
sales as a result of these variables and to develop a “what if?” functionality in order to 
more accurately forecast and control future sales. 
 
There were three Holiday Variables under investigation, Price (AUP), # of Outlets (TD) and 
four other marketing type variables namely FSI,QM,TPR and TV. 
 
The Final Model developed using AUTOBOX was  
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where eight “Peculiar Data Points” were identified as “Newly Identified Variables” and two 
holidays and one of the marketing variables were deleted as not being statistically 
significant.  If you don’t account for outliers then your model will not be robust for 
forecasting anything! 
 
 
 
A peek at the Peculiar Data Points (in red) … 
 

 
 
This Model was then used to make a projection for the next 17 weeks. 
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Of course forecasts require the user to specify the future values of the significant cause 
variables including Price. 
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Yielding 
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and graphically again. 
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In order to demonstrate the “what if ?” capability, we elect to evaluate the impact of Price 
(AUP) on our forecasts. Using the pop-up menu we simply change our price points. 
 
The price points used in the preceeding analysis for the next 17 weeks were 
 
2.84 week 1-4 ; 2.86 week 5-9 ; 2.93 week 10-13 and 2.94 week 14-17  
 
 

 
 
Now consider a different set of price points including an aggressive price cut for weeks 9-
11 to 2.6 in order to ramp up sales. We leave all other variables the same in order to 
illustrate the functionality. 
 

 
 



General Mills 

 
 

 
 
 
 



General Mills 

 
 
Solution  
 
The modeling and forecasting solution used was Autobox.  
Autobox was chosen because it customizes the forecasting equation to the data exploiting 
profiles and models dependent on a number of variables. Furthermore it captures the lead, 
contemporaneous and lag structures for events and holiday variables while incorporating 
level shifts, local time trends and eliminating spurious impacts assignable to 
outliers/inliers. Additionally it pinpoints the “Peculiar Data” thus drawing attention to 
omitted variables just waiting to be discovered so that future forecasts will be even more 
accurate exploiting this acquired knowledge. To learn more about these models and how 
to build them please see the AFS tutorial on comparing Regression and Box-Jenkins. 
 
 
Expected Benefits of solution implemented 
 
• Increase revenue by identifying the important driving variables. 
• Better planning due to knowledge acquired as to how and when to price the product 

which is a key goal of General Mills 
• Expanded awareness of Outliers and Inliers. The problem is that you can't catch an 

outlier without a model (at least a mild one) for your data. Else how would you know 
that a point violated that model? In fact, the process of growing understanding and 
finding and examining outliers must be iterative. This isn't a new thought. Bacon, 
writing in Novum Organum about 400 years ago said: "Errors of Nature, Sports and 
Monsters correct the understanding in regard to ordinary things, and reveal general 
forms. For whoever knows the ways of Nature will more easily notice her deviations; 
and, on the other hand, whoever knows her deviations will more accurately describe 
her ways."  
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